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ABSTRACT

In this paper we present an a posteriori error analysis for elliptic homogenization problems discretized by
the finite element heterogeneous multiscale method. Unlike standard finite element methods, our dis-
cretization scheme relies on macro- and microfinite elements. The desired macroscopic solution is
obtained by a suitable averaging procedure based on microscopic data. As the macroscopic data (such
as the macroscopic diffusion tensor) are not available beforehand, appropriate error indicators have to
be defined for designing adaptive methods. We show that such indicators based only on the available
macro- and microsolutions (used to compute the actual macrosolution) can be defined, allowing for a
macroscopic mesh refinement strategy which is both reliable and efficient. The corresponding a posteri-
ori estimates for the upper and lower bound are derived in the energy norm. In the case of a uniformly
oscillating tensor, we recover the standard residual-based a posteriori error estimate for the finite
element method applied to the homogenized problem. Numerical experiments confirm the efficiency

Homogenization

and reliability of the adaptive multiscale method.

© 2010 Elsevier B.V. All rights reserved.

1. Introduction

The importance of adaptive numerical methods for the solution
of partial differential equations (PDEs) cannot be overemphasized.
As many problems exhibit local variations or singularities it is
essential to design mesh refinement strategies capable of equidis-
tributing the approximation error and in turn optimizing the com-
putational effort. Such strategies are based on a posteriori error
analysis allowing to define computable (local) error indicators for
mesh adaptation depending on the available numerical solution.
A large amount of literature concerned with a posteriori error anal-
ysis is nowadays available for the numerical solution of elliptic
PDEs solved by the finite element method (FEM) (see [42,11] and
the references therein). However for some classes of problems such
as problems with a rapidly oscillating tensor, the standard a poste-
riori error analysis does not usually apply, as standard FEM cannot
be used. Indeed, the standard FEM usually fails to converge to the
true solution, unless the smallest scale is discretized by the FE
mesh. Computations with such meshes involve a huge number of
degrees of freedom and are often too costly and sometimes even
impossible with today’s computer resources.

Considerable effort has been devoted in the past few years to
design multiscale methods capable of discretizing elliptic PDE with
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multiple scales. In this paper we focus on homogenization prob-
lems. Multiscale FEMs for elliptic problems (based on multiscale
basis functions) have been pioneered by Babiliska and Osborn
[13,14]. Among the recent literature and strategies for such prob-
lems, without attempting to be exhaustive, we mention the multi-
scale finite element method (MsFEM) by Hou et al. [27], the two-
scale FEM developed by Matache and Schwab [31], the sparse
FEM proposed by Hoang and Schwab [26], the multigrid homoge-
nization method proposed by Neuss et al. [35] and the heteroge-
neous multiscale method (HMM) introduced by E and Engquist
[24] (see also the review [7] for additional references). We also no-
tice that there is a huge literature in the structural mechanics and
engineering communities concerned with micro-macro methods
for multiscale PDEs. Again without being exhaustive, we mention
Yu and Fish [44], Terada and Kikuchi [41], Kouznetsova et al. [29]
and Miehe et al. [32].

Despite this flourishing activity around the design and control
of multiscale solvers, rigorous analysis of adaptive methods for
FEMs applied to multiscale problems has only rarely been
addressed and is still an underdeveloped research area. It is fair
to say that success in application of many if not all the aforemen-
tioned multiscale methods will also depend on efficient and
reliable adaptive strategies. As we will see throughout this work,
the savings in computational cost achieved when using adaptive
methods are even more dramatic than in problems featuring a
single scale as costly microscale computations can be avoided or
re-used.
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In this paper we present an a posteriori error analysis for the so-
called finite element heterogeneous multiscale method (FE-HMM).
A priori error analysis for this method for elliptic problems has
been obtained in [25,2] (semi-discrete analysis) and in [1,5,4] (fully
discrete analysis). Discontinuous Galerkin FEM has been studied in
[6,10] and problems in elasticity in [3]. We refer to [7] for an exten-
sive review. Concerning a posteriori error analysis, we note that
first results for the FE-HMM have been obtained in [39]. We briefly
put in perspective the results obtained in [39] with the results of
the present paper which are obtained in a completely different
manner by using techniques much closer to the standard tech-
niques for residual based a posteriori error analysis [11,42]. The
analysis performed in [39] relies on a reformulation of the FE-
HMM in a two-scale framework [36]. In this framework, one adds
the microscopic variable as a supplementary variable, doubling the
size of the limiting problem. The reformulation of the FE-HMM in
this framework is based on a tensor product FEM with quadrature
in the slow variable. As a consequence, the a posteriori estimates in
[39] are obtained in a two-scale norm over 2 x Y (here Q is the
physical domain and Y the domain of the microscopic variable)
and not in a norm related to the physical domain. Deriving optimal
a priori or a posteriori error estimates in the energy norm for the
physical domain from the results obtained in [39] are not straight-
forward and such results have not yet been obtained. In our ap-
proach the a posteriori error estimates for the upper and lower
bounds are derived in the energy norm of the physical domain.
The analysis of [39] is also restricted to the class of homogenization
problems with tensor given in an explicit two-scale form, i.e.,
a®=a(x,x/e) and periodicity in the fast variables x/¢ (see [39, Sec-
tion 3]). We do not need an explicit decomposition and our analy-
sis applies to general (non-periodic) tensors (though it involves a
data approximation error which can only be explicitly estimated
with additional spatial assumptions for the fast variable such as
periodicity or random homogeneity). Finally, the analysis in [39]
relies on the knowledge (a priori) of the exact periodicity of the
problem as the sampling domains are assumed to span exactly
one period in each spatial direction (see [39, Remark 3.6]) while
our estimates are derived and hold for general sampling domains
of size § > &. We close this comparison by noting that in the special
case of a periodic tensor a®=a(x,x/¢) and assuming exact micro-
problems we recover the classical a posteriori analysis results that
one would obtain by applying the available theory [42,11,18] to the
homogenized problem. Thus, our estimates seem to be consistent
with usual adaptive procedures for the macroproblem.

The outline of this paper is as follows. In Section 2 we describe
our model problem and recall briefly the classical adaptivity the-
ory. In Section 3 we recall the FE-HMM, the numerical method
for which we will provide the a posteriori error analysis. Our main
results consisting of upper and lower a posteriori bounds are stated
in Section 4 and the full analysis is performed in Section 5. We
illustrate in Section 6 the a posteriori analysis by a series of numer-
ical experiments quantifying the efficiency and reliability of our
bounds and conclude with some remarks on future work based
on the analysis presented here. The results presented in this paper
have been announced in [9] (without proofs). In this paper we give
the detailed proofs of our a posteriori error estimates for a more
general setting than considered in [9] and many additional numer-
ical experiments.

Notation. In what follows, C>0 denotes a generic constant,
independent of ¢, whose value can change at any occurrence but
depends only on the quantities which are indicated explicitly. For
r=(ri.....rq) € N9, we denote |r|=ry+---+rq, D" =079}
We will consider the usual Sobolev space H'(Q)={u e [*Q);
D'u € L¥(Q),|r| < 1}, with norm [|u]l o) = (X< HD’quz(Q))l/z. We
will also consider H} () the closure of C5°(€) for the || - ll1 (@) MOrm

and the spaces W(Q) = {u e L™(Q); D'u € L™(Q), |r| < I}. For the
unit cube Y=(0,1)%, we will consider W, (Y)={v e Hp,(Y);
Jy vdx = 0}, where H},er(Y) is defined as the closure of Cp.(Y)
(the subset of ¢*(R%) of periodic functions in Y). Finally, we will

use the Frobenius matrix norm ||a| := ,/Zizj\a,ﬂz.

2. Model problem and classical adaptivity theory

In this section we briefly discuss the class of multiscale
problems that we consider in this paper and review classical
coarse-graining techniques such as homogenization. We also dis-
cuss the standard adaptive strategy used for (single scale) elliptic
problems discretized by the FEM.

2.1. Model problem and homogenization

We consider the second-order elliptic problem in the domain
QcRr?

-V -(@Vu¥)=f inQ,
u® =g, on dQp, (1)
(@Vu®)-n=gy on 9Qy,

where 0Q=0QpuU0Qy, with Dirichlet boundary conditions
gp € H'?(0Q2) imposed on Qp (assumed to be of positive measure),
and Neumann boundary conditions gy H '(3Q2) imposed on
Qn.

We assume that the family of tensors, indexed by ¢, are sym-
metric, satisfy a®(x) € (L>(2))*¢ and are uniformly elliptic and
bounded, i.e.,

37,4 > 0 such that A& < a*(x)¢- & < A|¢) V¢ e R and Ve.
(2)

The multiscale nature of the tensor a®(x) is emphasized by the
superscript &. We will assume fe L%(Q) (our results are also valid
for fe H™'(Q)). By applying the Lax-Milgram theorem to the weak
form of (1), we obtain a family of solutions {u®}, bounded in H}(£2).
Without making any further assumption on the spatial structure of
the tensor a“(x) (e.g., the form of the heterogeneities) using the
notions of G-convergence introduced by De Giorgi and Spagnolo
[23],! one can show that there exists a symmetric tensor a®(x) and
a subsequence of {u’} which weakly converges to an element
u0 € Hy(Q), where u® is the solution of the so-called homogenized
or upscaled problem

-V (@vu)=f inQ,
u’ =g, on dQp, (3)
(@vu)-n=gy on dQy.

The homogenized tensor a®(x) can be shown to be symmetric and to
satisfy A/¢[* < a®(x)¢ - & < A&, V¢ € RY and thus, (3) has a unique
solution. If some additional spatial structure is assumed on a®(x),
(for example if a®(x) = a(x,x/e) and is periodic in its second argu-
ment), then classical results in homogenization theory (see
[28,22]) show that the whole sequence {u®} weakly converges to
an element u® € H (). In this case, we can characterize the homog-
enized tensor a’(x) at x € Q by an average (integral) involving d
boundary value problems (the cell problems). Notice that in this
case, one has in general infinitely many cell problems to solve in
order to compute the matrix-valued function a®(x) in Q.

! A generalization of this notion, called H-convergence has been introduced by
Murat and Tartar [34].



2712 A. Abdulle, A. Nonnenmacher / Comput. Methods Appl. Mech. Engrg. 200 (2011) 2710-2726

2.2. Adaptive FEM for single scale problems

Essential ingredients for adaptivity are a posteriori estimators.
These are computable quantities depending on the actual FE solu-
tion and data that give information on the distribution of the error
over the FE mesh and allow to refine or coarsen the triangulation
where appropriate. As mentioned in the introduction, the ultimate
goal is to find a mesh which equidistributes the approximation er-
ror over all elements and to optimize the computational effort.
Among the various approaches for a posteriori error estimators
for single scale elliptic problems we mention estimators based on
local residuals, on local boundary value problems or on local super-
convergent properties (see [42,11] for an overview and references).
More recently, error estimators in quantities of interest have been
introduced (see [11, Chapter 8]), where the mesh is refined in
terms of a certain (physical) quantity Q(u) relevant for a specific
design decision. We also mention the recent effort concerning
model adaptivity for multiphysics problems (see [38] and the ref-
erences therein).

In this work we use a residual-based estimator as presented in
[42,11,33,37]. For such estimators, one defines on every element K
of a triangulation a computable local error indicator #y(K) consist-
ing of an error residual and a jump residual. The sum over all ele-
ments of ny(K)* gives the global error indicator #,(£2)?, which has
to be related to the error u — v’ in a suitable manner. An upper
bound of the error in terms of ny(€2) ensures the effectivity of
the estimate, while a lower bound ensures its efficiency. By using
the local error indicator, one can identify and refine those elements
which contribute the most to the global error. The marked ele-
ments are then refined in order to equidistribute the error among
the FE mesh.

The overall procedure can be described as follows. Starting with
a conforming mesh 7 we iteratively apply the following proce-
dure in order to adapt the mesh

SOLVE — ESTIMATE — MARK — REFINE.

In the SOLVE procedure we solve the PDE to obtain the numerical
solution u”. Based on u we estimate the error indicators #y(K)
for every element in the ESTIMATE procedure. We mark some ele-
ments ?; of the triangulation 7 in the MARK procedure with
the aim of equi-distributing the global error among the elements.
Finally, in the REFINE procedure, we refine the marked elements to-
gether with some neighboring elements in order to preserve the
mesh conformity.

3. The FE-HMM

In this section we briefly recall the FE-HMM, the numerical
method considered in this paper for the numerical homogenization
of (1). In a finite element context, the FE-HMM was analyzed in
[1,25,2,5]. The method is based on a macroFEM defined upon quad-
rature points and microFEMs on sampling domains centered
around the macroquadrature points. As input data, the method
takes only the multiscale data (e.g., a®) and it does not rely on pre-
computed homogenized (upscaled) coefficents (e.g., a%(x)).

Macrofinite element space. We consider
VP(Q,Ty) = {u” e H\(Q); v, e RP(K), VK € TH}, (4)

with macroelements K € 7y, where 74 (a macro partition of Q) is
assumed to be shape regular. The diameter of an element K € 7y
is denoted by Hi and we define H = maxg.r,Hk. Here RP = PP is
the space of piecewise polynomials on the element K of total degree
p, if Kis a simplicial element (triangle if d = 2, tetrahedron if d = 3). If
K is a quadrilateral element (quadrilateral if d = 2, hexahedron if

d =3), then R? = QF is the space of piecewise polynomials on the
element K of degree p in each variable.

We emphasize that H, the size of the macrotriangulation, is al-
lowed to be much larger than e.

Quadrature formulas. Within each macroelement K € 7 we con-
sider a quadrature formula {x,, wg,}, where xi, are the macro-
quadrature points and wy, are the quadrature weights. We further
consider sampling domains K; = xk, + oI, where I=(—1/2,1/2)¢
and ¢ > ¢, which are centered at the macroquadrature points. To
have optimal convergence results, we need to choose the quadra-
ture formula {x,, @, }f:] appropriately on K (we refer to [7] for
details).

Macrobilinear form. For 2", wH € V?(Q, Ty) we define

B!, wh) = > ﬁ

KeTy (=1 |K(,-]| K;,

Wk,

a‘(x)Vvg, - Vwg dx, (5)

where o}, , wf, are microfunctions defined in (6) on the sampling
domains K;,. As the integrals in (5) are defined on K;, instead of
K, we need to multiply the contribution of the sampling domains
by the appropriate weight, the factor 1/|K5,|.

Microsolver. To assemble the macrostiffness matrix, the computa-
tion of the microfunctions }, (and w},) is needed in the sampling
domains K;,, £=1,..., L of each macroelement K.

The microproblems are computed as follows: find »}; such that
(v - vihk,) € S*(Ks,, Tr) and

/ a(x)Vok - V'dx=0 Vz"e S (K, Th), (6)
K;,

where

Uk, (X) = v(x)" + (x = x¢,) - Vo (k) (7)

is a linearization of the macrofunction ¢/ at the integration point x,
(see [7,25] for details). Here, S*(K;,, 74) is defined as

SUK,,, Th) = {2 € W(K,); 2"y € RUT), T € Ty}, (8)

where W(K;,) determines the boundary conditions for the coupling
condition used for computing the microfunctions z),"(‘ (or wf}i ). Here,
Ty denotes a (micro) partition of the sampling domain K;,. The
diameter of an element 7 €7, is denoted by hry and h=
maxrer, hr. Various choices are possible for the coupling conditions
and we will consider

W(Ks,) = Wper(Ks,) 9)
or
W(K,,) = Hy(K,). (10)

We will say that the boundary conditions for (6) are given by (9) if
SUKs,, Th) C W},er(l(é}) (periodic coupling), and that they are given

by (10) if S*(Ks,, 7r) < Hy(K5,) (Dirichlet coupling).

Variational problem. To determine the macrosolution of the FE-
HMM we finally solve the following macrovariational problem: find
ut € VP(Q, Ty) such that

gyt dx — B(gp, ') Vo e VP(Q,Th).

QN

B! o) = [ fol'dx+
Q
(11)
3.1. Sources of error in the HMM

The first objective of this method is to numerically capture the
effective (homogenized) solution u® of (3). As the numerical
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method depends on macro- and microFEMs, and in turn on macro-
and micromeshes, the convergence results will also depend on
these quantities [1]. In addition, it will also depend on a so-called
modeling error, quantifying the upscaling procedure itself and
depending on the coupling condition, the sampling domain size
and the spatial structure of the oscillating tensor a®.

In what follows we provide a list of all the sources of errors in
the numerical scheme which can be obtained from an a priori esti-
mate [1,7,25]. Following the framework of [7], we have the follow-
ing decomposition of the error

[ = u < Ju® = w4 = a4 -
—_— ——— ——
eTTmac €rMmod €IMmic

where errmnac, ermmoq and errmy;c are macro, modeling and microerror,
respectively. Here, u° is the solution of (11), &i*! is the FE-HMM solu-
tion of (11) using exact microsolution (i.e., we solve (6) in W(Kj,))
and u®M is the FEM solution of the (usually unknown) problem (3)
in the space V'(Q, Ty).

We have the following estimates for the various components
(for simplicity, we describe them for piecewise linear macro- and
microFEs only).

e ermmqc i the error from a standard FE approximation (with
numerical quadrature) of (3) in V!(Q, Ty). We have erf,n,c < CH
in the H! norm and errpq < CH? in the L? norm.

e errmic is the error from the FE approximation of the microprob-
lems in 5,11 (K5, Th). The microerror contributes to the global error
through the macrobilinear form. We get (under appropriate
regularity of a°® and appropriate boundary conditions)
erfmic < C(g)2 for both the H' and L? norm (see [10] for details).

® ermmeq 1S the error introduced by the upscaling procedure and
the coupling of macro- and microFEMs. This error depends on
the structure of the tensor a?, the boundary conditions of the
microproblem (i.e., the coupling of the micro- to the macroFE
spaces) and the sampling domain size §, but is independent of
H and h. In general this error reads errmos < CSUPker, ek
la®(x; k) — a|| where a is defined similarly as in (14), but rely-
ing on exact micro functions. In case of a periodic tensor
a® = a(x,x/¢), periodic coupling, sampling domains covering an
integer number of periods and “collocation” in the slow variable
of the oscillating tensor, err;;,q = 0.

These various errors are further described in Section 5.5.2 and
in [7].

3.1.1. Fine scale error
In the L? norm one can estimate ||u® — UHHLz(Q) by using the tri-
angle inequality and

Ju® — UOHLZ(Q) <Ce

For the H! norm, u" does not converge to u® as already u° does not
converge to u’. Indeed, u® (or u’) does not capture the microoscilla-
tion of u® resulting in an O(1) mismatch when estimating their gra-
dients. One can nevertheless post-process the solution u" and the
microsolutions u}; (available in the sampling domains K; C K) using
ideas from the construction of correctors in homogenization theory
[15]. The post-processed FE-HMM solution u¢ satisfies [1,7]

h
[u® — U™l o < C(H +Ve+ E>7
where H'(Q) ils/2 a broken norm defined by |ju|m; @ =
(erﬁ, HVquz(K)) as the reconstructed solution may have jumps

on the interfaces of two neighboring elements. Notice the additional
factor /¢ coming from a boundary layer as the corrector does not
satisfy the right boundary conditions on 9.

4. Main results

The goal is to adapt the macromesh according to potential sin-
gularities which may be caused by reentrant corners or high con-
trast in macroscopic coefficients. Localized “macroscopic”
residuals determine how the macroscopic mesh has to be adapted.
We have to recover these residuals from suitably averaged micro-
scopic quantities as they are not readily available. We will see that
the overhead for deriving these macroscopic residuals is minimal
as they are based on microscopic solutions already required for
the computation of the macrostiffness matrix.

For simplicity, piecewise linear macroFE (simplicial elements)
will be used. As a consequence, we will use a quadrature formula
with £ = 1 and integration node xx, = x¢ localized at the barycen-
ter of the macroelement K, and a weight wk, = wg = |K| (see Sec-
tion 3). Moreover, we choose piecewise linear or bilinear
microFE, i.e, ¢=1in (8) and R' = P! or Q'.

Furthermore, we consider in our analysis only homogeneous
Dirichlet boundary conditions up = 0 and uy = (), but emphasize that
the a posteriori estimates can be derived for more general bound-
ary conditions (such as Neumann or Robin) following the lines of
the results presented in this article. The a posteriori error analysis
could be generalized for higher order FEs or quadrilateral macroFEs
using the ideas in [10].

Let 7y denote a conformal mesh and let £y be the set of inter-
faces. We label the two elements sharing an interface e € £y as K*
and K~. We consider the microfunctions u”, and uf-, solutions of
the microproblems (6), which correspond to the two sampling do-
mains K; and K of the elements K" and K-, respectively. These
microfunctions are constrained by the macrosolution
uH € V1(Q,Ty) of problem (11). We then introduce the following
jump of multiscale fluxes

[EOV], = { (ﬁ Je: at(x)Vub, dx—ﬁ I, at(x)Vul- dx) -n. fore¢oQ,
0 fore € 0Q,
(12)

where the unit outward normal 1, is chosen to be n, = n*. We omit
the index K; for the microsolutions u” in [a¢(x)Vu"], as the jump
over e involves two sampling domains in adjacent elements. The
multiscale fluxes are the building blocks in the derivation of our
estimates and were first introduced in the context of multiscale dis-
continuous Galerkin methods [6,10].

For each vector eecR% i=1,...,d we

;J: € S,l1 (Ks,Th), the solution of the problem

consider

/ a*(X)Vyyt - V2" dx = —/ a(x)e;-Vz'dx Yz e SL(K;s, Th).
K;

K

(13)

It will be convenient for our analysis to introduce a numerically
homogenized tensor (see [10]). We define this tensor a2, constant
on each macroelement K, by

1
a = i @ <1+J£;zﬁ(x)>dx7 (14)

where | is a dxd matrix whose entries are given by

U,

<jw{‘(x)>“ = (agbkft)/(axj). We emphasize that the above tensor is
£ l]

only used as a tool in the derivation of the a posteriori error bounds
and is never used for the computation of our error indicators.

Definition 1. Let ff be a piecewise constant approximation of f.
Then the local error indicator ny(K) on an element K is defined
by
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1 -2
Ma(K)? = H | +5 HeH[[aﬂVuh]]EH L
2 ecoK (e

We furthermore define the data approximation error éy(K) on an ele-
ment K by

2
&y(K)? == H]|f *fozaq +(ag - aO(x))VuHHLz(,Q,

where a%(x) is the unknown homogenized tensor of problem (3).

We will sometimes consider the indicators and data approxi-
mation terms on a subset w = K;, UK, U---UK;,, Ki; € Ty of the
domain Q. In this case, we denote the expression obtained by
summing the above quantities over all elements K € w by ny(w)?
and &y(w)%

Our first result establishes an a posteriori upper bound for the
error between the macroscopic FE-HMM solution uf’ and the
homogenized solution u°.

Theorem 2 (A posteriori upper bound). There exists a constant
C > 0 depending only on the shape regularity constant v, the coercivity
and continuity bound (2) , the dimension d and the domain Q such
that

[ = ¥ g < C(Mu(Q)° + En(?).
The next result gives an a posteriori lower bound.

Theorem 3 (A posteriori lower bound). There exists a constant
C > 0 depending only on the shape regularity constant 7y, the coercivity
and continuity bound (2) and the dimension d such that

M(K)? < C1® ~ 0 + Eu()?)

where the domain wy consists of all elements sharing at least one side
with K.

Micro-macro refinement. The above two theorems for the a pos-
teriori lower and upper bound do not require any structure
assumption on the oscillating tensor (such as periodicity) and only
minimal assumptions on regularity. As we assume singularities in
the macroscale, we do not consider explicit a posteriori estimates
for the microproblem (6). As the microsampling domains have sim-
ple geometries (typically squares or cubes), singularities could only
arise due to singularities in the microscale of the conductivity ten-
sor. In that case, standard a posteriori methods could be used to re-
fine the micromeshes in a non-uniform way.

We emphasize that the error indicator #y does depend on the
microsolutions and hence on the micromesh. Thus, a criterion is
needed to determine an appropriate size of the micromesh as we
refine the macromesh through our adaptive procedure. Such a cri-
terion can be deduced from the following theorem.

Theorem 4 (Micro-macrorefinement coupling). Assume that (31)
and (32) hold. Assume further that the cell problem (6) is solved with
periodic boundary conditions if a® is periodic and 6/¢ € N* and solved
with Dirichlet boundary conditions otherwise. Then

I\ 2
sup [|ag — a®(x)||, < C<HK + <;> ) + eI mod, (15)
xek G

where C is independent of Hy, h, &, and errpoq is independent of Hy, h.

Remark 5. From estimate (15) we deduce that in order to mini-
mize the error originating from the microFEM, we have to refine
the micromesh in each sampling domain Kj; as %o< VHg. Here Hy
is the size of the macroelement K of the mesh 7 obtained by
the Algorithm 1 described below. Please note that the size h of
the micromesh may vary in different sampling domains. Thus,

h=h(K) is a function of K € 7. To simplify the notation, we will
remove the dependency of h on K.

Comparison with single scale results. Our upper and lower bounds
stated above are consistent with the usual (single scale) residual-
based a posteriori estimates. Indeed, suppose a* = a(¥), that exact
microfunctions are used in (6) and that J/¢ee N*. Then
|la% — a°||, = O (see Section 5.5.2) and we recover the usual resid-
ual-based indicator and data estimator [42,18].

4.1. Algorithm

The adaptive algorithm for the FE-HMM follows the adaptive
algorithm for standard FEM. It consists of loops of the form

SOLVE — ESTIMATE — MARK — REFINE

in order to generate the new, refined computational grid. However,
due to the multiscale nature of the problem, we need to modify the
procedure accordingly as presented in the following algorithm.

Algorithm 1 (Adaptive FE-HMM).

Solve. For the macro- and micromeshes obtained by REFINE,
compute the microsolutions (only for the refined mac-
roelements) and the macrosolution u of (11) and
compute and store the multiscale jumps [a¢(x)V @],
(based on the macroFE basis functions) for the refined
elements during the macroassembly process.

Estimate. Reconstruct the full multiscale jumps [a¢(x)Vuh],
using the macrosolution u'’ of SOLVE and estimate
the error by computing the indicators ny(K) for all
K e TH.

Mark. Identify a subset Ty of Ty based on the indicators
nu(K) following Dorfler’s bulk-chasing strategy (Mark-
ing Strategy E, see [42, Chapter 4.1]).

Refine. Refine the elements in the subset 7, and some neigh-
boring elements in order to preserve mesh conformity.
Update the micromesh in the sampling domains of the
refined macroelements according to h o« vHgé (see
Remark 5).

We discuss two important details for the above algorithm,
namely the carry-over of information and the computation of the
multiscale flux.

Carry-over of information. In contrast to standard (single
scale) adaptive FE methods, in the adaptive FE-HMM most of the
computation time is used for solving the microproblems to obtain
the entries of the macro stiffness matrix. A fundamental feature of
an efficient implementation of an adaptive FE-HMM should thus be
the carry-over of reusable micro data from one iteration to the
next.

In particular, this means that for every element we store the contri-
butions A; = B ((pr, (pj’._’K> (@t are the macrobasis functions) of the

microproblems to the macrostiffness matrix and the components of
the corresponding multiscale flux [a?(x)V ¢!, ],. This is done with a
small memory overhead in every iteration and we compute new
data A and [a¢(x)V ! ], only for those elements which are marked
for refinement and carry-over the existing data A; and [a*(x)V ¢!, ],
for the remaining, unrefined macrotriangles to the next iteration
(see Fig. 1 for an illustration). In the numerical experiments in
Section 6 we illustrate the amount of work that can be saved follow-
ing this strategy.

Computation of the multiscale flux. Let | ¢f, + be the basis
functions of V'(Q,Ty) and let @', be the microsolution of (6)
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(b) Iteration k + 1

Fig. 1. Adaptive mesh shown for two iterations. In Fig. (b), for all macroelements shown in white, the multiscale flux [a?(x)V ¢! ], and the contributions A; to the
macrostiffness matrix can be carried over from the previous iteration and re-used, whereas for all macroelements shown in red, new solutions of the microproblems and
corresponding multiscale fluxes must be computed. (For interpretation of the references to color in this figure legend, the reader is referred to the web version of this article.)

constrained by ¢!, i.e., (qoﬁ,( - go{{’,() € S'(K;, Tw), where K; C K. In
SOLVE, we compute for every element K

17,
ol = il a*(x)V ol dx

right after computing the solutions ¢! of the microproblem (6) and
store the three corresponding ¢! for later use (in the case of two
dimensions when using macrotriangles this represents a 2 x 3
matrix in each macroelement K corresponding to the two compo-
nents of o, for each macrobasis function ¢, i=1,...,3). The
advantage of computing this quantity in the SOLVE instead of the
REFINE step is that we do not need to store the full microsolution
of each macroelement (if we are not interested in a reconstructed
full solution, this significantly reduces the memory requirement).

Denote by uf(x) = 3}, ¢t (x) the representation of u" in the
element K with respect to the nodal basis. As the microsolution
ul.(x) corresponding to uf is linear with respect to uff(x), we can
reconstruct ul(x) = 2 ol (x) = X0 uH (x;) ¢l (x) where x; are
the nodes of the macrotriangle K. In the ESTIMATE step, where
the macrosolution u" is known from the previous SOLVE step, we
reconstruct

1 3 h _ 2 H(y \nh
(m /Ko a (X)VUKdX) Me = ;u (Xi)Qix - Me

and assemble [a*(x)Vul', ], using the previously stored information.
As can be seen from the aforementioned procedure, the computa-
tion of [a¢(x)Vul.], can be done with minimal memory overhead
and very small extra computational cost.

Remark 6 (Coarsening). We have not considered a coarsening
strategy for two reasons. First, for linear elliptic problems, a quasi-
optimal mesh can usually be obtained without the need of
coarsening strategies (see [40, Chapter 1.5.3]). Second, due to the
macro-micro coupling, new extra microproblems must be solved
when elements are coarsened, whereas information can be re-used
if we omit coarsening the macroelements.

5. Proof of the main results
5.1. Interpolation, trace and inverse estimates
Before proving the estimates for the upper and lower bound, we

recall some interpolation, trace and inverse estimates that we will
need for our analysis.

Clément interpolation operator (see [21]).

Let I : H'(Q) — V'(Q,T4) be the Clément interpolation opera-
tor. This is a linear operator with the property that for all v € H'(Q)
and K € Ty

lv— IH””LZ(K) < CHi IV 0|2 ) (16)
and
V(v - IHV)HLZ(K) < CIVYllzny: (17)

where N(K) is a neighborhood of K that consists of all elements of
Ty which have a non-empty intersection with K.

Trace inequality (see [12, Theorem 3.10]).
Consider an element K. of the triangulation 7 with side e € &y.
Then, for v < H'(K,) we have

1/2 —1/2
[9ll20) < CH 2V 0|2 i, + CHy 219l 2k, (18)

Inverse inequality (see for example [20]).
For M € VP(Q, Ty) we have

||vaHL2(K) < CH?H”HHLZ(@ (19)

Remark 7. The combination of the Clément interpolation estimates
and the trace inequality yields for an element K, with side e € &y

H 1/2 H —1/2 H
o= 1"z < CHY? [V (0 = 1"0) 2, + CH, 2 ([0 = 170 2,
1/2
< CHY/ VUl 2k, - (20)

5.2. Error representation formula

The representation formula (22) in Lemma 9 is the central tool
to derive our a posteriori bounds, as it allows to link the bilinear
form for the homogenized solution with the FE-HMM. We first
prove Lemma 8, needed to derive the representation formula.

Lemma 8. Let v wh be the solutions of (6) constrained by
o wH e V(Q,Ty) with boundary conditions given by (9) or (10) .
Then
1 aX)\Voh - Vwhdx = 1 / ay Vo vwdx.

IKs| J, Kl Jx

Proof. The proof is similar to the proof of (A.1) in [2, Appendix A]
or formula (63) in [7] (for the convenience of the reader we will
recall it). While in the aforementioned results, a specific structure
of the tensor a® was used, we prove the result without any assump-
tion on a® (except for the positivity and ellipticity).
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First, we notice that the (unique) solution of (6) can be written as

Uk(x X)+ Z lrbIQ ) ) (21)

where i € S'(K;, Th), i=1,...
From this we deduce

,d are the solutions of (13).

owr(x)
ox; ) dx

) -vwt dx,

' a‘g(x)VvQ -Vwh dx
d i,h
:W/K a xV(v +Zw

where we used that 22® js constant, pr e S'(Ks,T1) and Eq. (6).

X

Recalling the definition (14) of a) we obtain

1
IKs| x

“fei

=ayvot . vwf :W/KaﬁVv”-Vw”dx,

1
IKs|

at(x) Vol - Vwhdx

) (140 ) (V0 - TwH)

where we used again that V/' and Vw" are constant. O

We define the error as e := u® — u" where u° is the homoge-
nized solution of (3) and u" is the FE-HMM solution of problem
(11). We shall now obtain an error representation formula which
is crucial for the derivation of the a posteriori bounds.

Lemma 9. For all v € H)(Q), we have

Bo(e", z/):/fvdx /[[a? Vuh],vds
ecé

e

/ aK—a
KeTH K

where uf is the solution of (11) and ul, are the corresponding microso-
lutions (6) and where the multiscale jump [a¢ (x)Vu"], is defined in (12).

H.Vodx (22)

Proof. We proceed in two steps. First, we need the following
formula
1

e a*(x)Vul dx = ayVull, (23)

which is obtained by using the expansion (21) and similar argu-
ments as used for the proof of Lemma 8. Second, we prove that
for all v € Hy(Q) we have

/aKVu” Vodx =
I(ETH K

ecEy V€

[aé(x)Vuh],vds. (24)
Integration by parts and the use of (23) gives

/ advVut - Vodx
KeTy /K

=y / (ayVu') - nvds— /V- (advuM)vdx
KeTy YK JK
-0

=Y / (‘ L y / a%x)Vuf}dx) -nvds
KeTy 5
/ 1
ecly ‘K K+

/[[af YVuh], vds,
ey

(x)Vul. dx— a(x)Vul-dx | -n. | vds
“<(>| Ky

where we used the definition (12) of the multiscale flux. Finally, we
obtain the error representation formula

Bo(e!, v) = Bo(u°, v) — Bo(u”, v)

= /fvdx— / Vuvdx
Ja KGTH K

=/fvdxf /[[aﬂ (x)Vuh],vds
ecly

e
KeTH

5.3. Upper bound (Proof of Theorem 2)

H.Vuvdx. O

To proceed with the proof of Theorem 2, we consider the error
representation formula (22) and choose the test function »:=e".
We recall that I denotes the Clément interpolation operator (see
(16) and (17)) and f" denotes a piecewise constant approximation
of f over 7Ty. By noting that

B", ey = Y~ [ f(e!
Kety YK
we obtain

Bo(e,e) = /fe dx—>" /[[a8 YWuh],ef ds

ecéy

/ aK — (1
KeTH

= /fe dx — /[[a* YVuh], et ds
eeSH

e

/ aK —a
KETH

> e
KeTH
f"’(e —I”e”)dx+/(f—f”)(e”—I”e”)dx
—Z /[[aF (x)Vu],(e" — I"et)ds

ecéy

/ aK—a
KETH

We define ¢ := e — I"e'!. Using the Cauchy-Schwarz inequality we
obtain the following estimate

Bo(e" e" (Z W™ iz + D IF =l ™ iz,

KeTy KeTy

+Z)

ecly

+ 2 ll(ak - a’

KeTy

H.vel dx

H. vel dx + B(u", IMe)

H. et dx.

[a*(x)Vul

H
)HdJ ll2e)
H H
(x))Vu HLZ(K)HVe ||L2(K)>.

With the help of the Clément interpolation estimates (16) and (20)
we deduce that

By (e, e") < C(Z HKHfH”Lz(I()HveH“Lz(N(K))

KeTy
+ Z Hillf *fHHB(K)||veHHL2(N<K))
KeTy
172
+ ZH/ H[[aL )HveHHLZ(N(KE))

ecly

+ > (e - a’(x))

KeTy

H H
Vu HLZ(K)HVE ||L2(K)>.
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The finite overlapping property of the neighborhoods N(K) allows us
to estimate 3y 7 Ve |2y < Colker, IVE 24, where C
depends only on the shape regularity of the triangulation and the
dimension d. Using the coercivity of By(,-) and the triangle inequal-
ity yields

HVEHHfz( < (ZH HfH”LZ K)

KeTy

[a*(x)Vul],

1%(e)
2
))VUH”LZ(K))'

LY,
eely

+ZH IIf - fH||L2 +Z” ay —a’(

KeTy KeTy

Using Poincaré inequality leads to
CMy(Q)° + ¢u(2)°)

as stated in Theorem 2.

0 Hy2
[u” —u HHl(Q) <

5.4. Lower bound (Proof of Theorem 3)

To derive the lower bound, we will use a construction involving
bubble functions in a space V}, > V}, which is defined over a refine-
ment 7 of 7. We assume that the refinement V}, is chosen such
that every K € Ty has an interior node X € K \ 9K in Ty and every
edge e of 7y not on the boundary 0Q has an interior node in ?H.
We emphasize once again that the use of the representation for-
mula (22) allows largely to follow the classical construction of
[42]. In what follows we estimate successively interior and jump
residuals.

5.4.1. Interior residual
For any K € Ty consider an interior bubble function, i.e., a func-
tion ¢, € V], such that 0 < 1//,< <1, yg(X) =1 and Y =0 on Q\K.
We choose v = Y ff € Hy(Q) as a test function in the error rep-
resentation formula (22) and obtain

/fH(IPKfH)dX:BO(eH»‘//KfH)_/(f_fH)‘//KfHdX
K K
7/ (@ — a®(x))Vu - V (i f)dx
K

Using the equivalence of norms on a finite-dimensional space we
have (see [11, Theorem 2.2] for details)

CIl* 2y, < / () dx

Furthermore, the continuity of By(-,-), the Cauchy-Schwarz inequal-
ity and the inverse inequality (19) give

HfH||L2 (K) <||V8HHL2 HV(‘/’KfH) HLZ + Hf _fH||L2(K) Hl//KfHHLZ(K)
quHLZ(K)Hv('/’KfH)HLZ(K))
C<HIE] HveHHLZ(K) + Hf _fHHLZ(K)

+|| (af — a®(x)

+H (@ = a00) Ve ) [0 2
Finally, since 0 < /x < 1 we have H‘//KfHHB( < "2, and we ob-
tain the interior residual
HE I < C IV Iy + HRIF = F¥

+[1(a} — @) Ve o )- (25)

5.4.2. Jump residual

Let e € &y be an interior interface and let K; € Ty, X. € e be an
interior node and K; € 7 such that K; n Ky =e. Let ¢, € \7}, be a
bubble function such that .(x.) =1, Y. = 0 on Q\(K; UK>). Using

again the equivalence of norms on a finite-dimensional space we
have

/weds > CHY ',

where |e| denotes the measure of e and where the constant C de-
pends only on the shape regularity and the dimension d. As the mul-
tiscale jump [a¢(x)Vuh], is constant, we have

/[a'ﬁ(x)Vuh}]enpeds: [[aﬁ(x)Vu“]]e/l//eds

> qeﬁ“H[aa(x) :

d-1
2(e) HE

> CHY |[a(x)vut (26)

Next, we set v=1, in the representation formula (22) (recall
that =0 on Q\(K; UK3)) and obtain

[ @ Govp.ds

_ B 0 H
-y < [ Fueds /K @ (x)Ver vy, dx

K1 K, i

+/ (agi—ao
K.

H H H
<C Z (kallf 2wy + 1IVe llz, + HiIf = ol
K1 Ky
0 0 -1
(a0 Ve, Vel
L*(K;)
where we used ||Vl 2, < CH! Well2 ) < C(HK)dTZ, which follows

form the inverse inequality (19). The inequality (26) and the above
estimate for H%HLZ(K) yield

2 2 2
<Cy <Hr<i ™12y + 11VE 21
Ky K

-a (x)) vul

(x)) vulvy, dx)

+|

e|[@®(x )VU”]]e

2 H |2 0
Hl(,»”f_f HLZ(KI) + H (aKi

2
L2<1<,->>'

(27)

5.4.3. Combining interior and jump residuals
We use the interior residual (25) to eliminate HfHHLz(K) from the
jump residual

- 2
Vi, <

CIVE |z + o I =S
+1(a - () Ve[, ), (28)

where H,,, = max;_12H; and w, = K; U K>. Adding the interior resid-
ual (25)-(28) leads to the desired upper bound

My(K)* < C(|Ju’ —

as stated in Theorem 3.

2 2
UHHHW(U,() + Eulwk))

5.5. Data approximation

So far, to derive our a posteriori upper and lower bound, we did
not make any specific spatial assumption on the oscillating tensor
(e.g., periodicity, random stationarity in the fast variable). In addi-
tion, the sampling domain size as well as boundary conditions of
the micro solution for the HMM were quite general. We notice that
upper and lower bounds involve the data approximation term

CH(K)Z = H12<|UCH _f”fz(l() + H (alg - ao(x))quHiZ(K)
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The first term of the right-hand side of this equality involves
the usual data approximation term. The second term quantifies
the accuracy of the macro-micro algorithm and it depends on the
macro- and micromeshes of the macro- and microFEMs, on the
structure of the oscillating tensor a® and on the coupling condition
between micro and macrosolver. We first notice that

2 2 2
@ - a*00) Vs, < sup o — a0 1V
Xe.
where we recall that for a given tensor ||-||r denotes its Frobenius
norm. Let us then introduce the following tensor
i

@ () (I + i )X, (29)
— (owk) / (0%,
This tensor is computed similarly to the tensor a% in (14) but with
functions ,(x) solving (13) in the exact Sobolev space W(Kj)

instead of its FE approximation st (K5, Th). We then consider the fol-
lowing decomposition

_ 1
K3l Ji,

where Jy(x) is a d x d matrix with entries (J,,);

lak = [l < [la° — @@l + [[° () — Tl + ||k — akly,  (B0)
——

€Tmac €Mmod eI mic

where xi € K is the quadrature node located at its barycenter. In the
above equation, err,,qc and err,;. stands for macroscopic and micro-
scopic error, respectively. The analysis of the macroscopic and
microscopic errors relies on regularity assumptions on the homog-
enized and fine scale tensors. This will be analyzed in Section 5.5.1.
The term denoted by errpyoq (the modeling error) needs additional
assumptions on the structure of a® in order to be quantified (e.g.,
periodicity and random stationarity). This part does not depend
on the discretization parameters. As it does not depend on the spe-
cific form of the numerical method, previously derived results can
be used to analyze this contribution to the error. We will examine
in Section 5.5.2 the case of a non-uniformly periodic tensor and
comment on the case of a random tensor.

Regularity assumptions. For the oscillating tensor a® we assume

at

a’ly e W' (K), VK e Ty and e < Cxetforij=1,....d

31)

In the analysis we will often use a constant C = maxgCy independent
of K. It is clear that if (31) is valid for an initial mesh, assumed to be
aligned with the possible discontinuities of a?, it is still valid (with
the same value of C) for every mesh obtained by refining the initial
one. In view of (31) we see that a® is allowed to be discontinuous in
different macroelements but we assume that the macromesh (i.e.,
the interface between two neighboring elements) is aligned with
these discontinuities. For the homogenized tensor we assume

ag are Lipschitz continuous in K for any K € 7. (32)

Remark 10. Without further knowledge about the structure of the
oscillating tensor a®, we will impose Dirichlet boundary conditions

e, <GV,

with C independent of ¢, of the quadrature points xx and the
domain K;; (this follows from classical H? regularity results, see for
example [30, Chapter 2.6]). If a® = a(x,x/¢) = a(x,y) is Y-periodic in y,
then assuming (31), /¢ € N and periodic boundary condition for
(6) (or (14)) one can show M( ) < Ce~1,/|Ks] (this follows from

s

classical regularity results for solutions of periodic boundary value

for (6) (or (14)). Assuming (31) one can show ’!ﬁ}}

problems (see [17, Chapter 3]). Notice that in the periodic case, for
more regular tensors a’(x), one can obtain higher order estimates

Wi < Ce1\/IK;]. q € N (see [5]).

H‘Hl

5.5.1. Micro- and macrodata approximation (Proof of Theorem 4)
We start with the macroerror. Assuming (32) directly gives the
following estimate

sup [|a°(x) — a®(x)||; < CHx, (33)
xeK

where C only depends on the dimension d and the Lipschitz con-
stant. For the microerror, we follow the ideas of [1]. In the precise
form of (34), the microerror estimate has been proved in [10].
Assuming that (2) and (31) hold, we have,

_ h\?
el < <(3) 34

where C depends only on the constant in (31) and the bound (2).
Combining (2), (33) and (8) we obtain

h 2
sup [|a®(x) — ap||, < C<H1< + (7) + Emeod>7 (35)
xek €

where C only depends on the coercivity and continuity bound (2),
the dimension d, the Lipschitz constant (31) and where errpoq is
independent of the discretization parameter of the micro- and
macroFE spaces.

Remark 11 (Micromesh refinement). From the estimates (33) and
(34), we obtain the criterion for the micromesh refinement used in
Algorithm 1 in Section 4.

5.5.2. Modeling error

In this section we discuss the error term ||a®(xx) — ag|| in (30).
Additional assumption on the spatial structure of the oscillating
tensor a’ is required in order to give convergence rates for the
modeling error. We will consider the case of non-uniformly peri-
odic tensor and assume

a® =a(x,x/e) = a(x,y) Y — periodic in y, (36)

where for simplicity we set Y =(0,1)%. We will sometimes refer to
the variables x and y as slow and fast variables, respectively. Other
tensors a® could be considered. For example, following the results in
[25] we could also consider an appropriate random field a® = a(w,y)
(with invariant statistics under integer shifts). The modeling error
estimates from [16] or [25, Theorem 2.1] or could be used directly
to estimate ||a®(x¢) — ag||,. We thus see that our a posteriori error
analysis applies to a variety of tensors and is not restricted to the
periodic case.

In the periodic case, the homogenized tensor a® can be com-
puted explicitly (see e.g., [15]). For xx € K it reads

ag(XK):/au Xk, +Za,k X,y JI;’ )dy ij=1,....d,

37)
where the functions y/(-,y) are solutions of the cell problem
/ a(xg, V)V (xg,y) - Vzdy = — / a(xg,y)ej - Vzdy Vze per(Y)
Jy Y

(38)

where e is the jth basis vector of R%. We will consider separately the
coupling conditions (periodic and Dirichlet) for the microFE space.
To analyze the modeling error, we can use results obtained for
the FE-HMM in [25,1,2,7].
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Periodic microboundary conditions. We assume that S'(K;, 7;) C
W:,E,(K(;). In this case we assume that /¢ € N*, i.e., the sampling do-
mains cover an integer number of the exact period of the tensor
a(-,x/e). We then can derive the following error estimates (see [10,

Theorem 5.8]). Assume that (36) and (31) hold. Then
Hao(x,() - a,‘3||F < (o (39)

for the modeling error, where C is independent of H, h, and &. If the
decomposition in fast and slow variable of the tensor a(x,x/e) is
explicitly known, we can slightly modify the FE-HMM macrobilin-
ear form (5) and microproblems (6) by replacing a® with a(xy,x/¢).
In this case, performing a similar modification of the tensor a® of
(14) and (29), one can show that the modeling error vanishes (see
[10, Theorem 5.8] for details)

Hao(x,() 7(1,‘3||F =0. (40)

Dirichlet microboundary conditions. In the case where the exact
period is not known but an estimation of the size of the periodicity
is available, the idea is to embed the periodic sampling domain K; in
a larger cube Ks with § > ¢. Here we do not assume that §/¢ € N*.
Artificial boundary conditions are chosen for the microsolver. Vari-
ous conditions are possible and we assume S' (K, 7,) C H(l)(K(;) , see
(8). Assume that (36) and (31) hold. Then

e xe) — gl < €(6+5), (41)

where C only depends on the domain € and the bound (2). This esti-
mate can be obtained following along the line of the proof of [25,
Theorem 17].

6. Numerical experiments

We present in this section a series of numerical experiments
which verify the sharpness of the theoretical a posteriori estimates
and confirm that our adaptive scheme is efficient and effective.

We will present various elliptic problems with a two-scale, qua-
si 1d tensor on a square domain (Section 6.1), a crack problem with
a highly oscillating 2d tensor and a random tensor (Section 6.2),
and finally an L-shaped problem with a highly oscillating 2d tensor
(Section 6.3).

We emphasize that the oscillating tensor of the various prob-
lems (with the exception of the random one) is chosen such that
an analytical solution of the homogenized problem is available.
As various contributions to the error arise in our a posteriori esti-
mator (due to the multiscale nature of the numerical scheme),
avoiding to use a refined FEM reference solution allows to assess
accurately the quality of our estimator. Of course, in practice our
theory and method apply to general tensors for which there is no
need to derive an analytic tensor beforehand. This is further illus-
trated with the random tensor problem.

Notation. We will use the following notation for various quanti-
ties measured in our numerical experiments.

o #el, number of macroelements for the specific mesh. It reflects
the degrees of freedom.

e EOC(e), experimental order of convergence. EOC :=
log (efl | /ell) H H .
gk ey Where efl refers to the error [jug — uf/[|,n o, in

the kth refinement step and d is the physical dimension of the
problem (the scaling with d allows to get a convergence rate
independent of the dimension).

e EO((n), experimental order of convergence of the indicator

. log (17’}‘[‘ /;]"f,) K o
nu(€2). EOC(n) := d iozerairzarcnyy Where nj refers to the indica-

tor in the kth refinement step and d is the physical dimension of
the problem.

H
e Z,, the reduction factor Z, := EZ—k of the error.
k-1

o Eff, the effectivity index Eff := Z—E allows to estimate the upper
bound constant C of Theorem 2.

Furthermore we denote by h= (Nimic) ™/ 9 the scaled (i.e., inde-
pendent of &) micromeshsize, where N,,;c denotes the degrees of
freedom of the microproblem on Kj; and d is the spatial dimension.
Notice that h/e = Ch, where C = §/¢ is usually of moderate size.

The numerical experiments were performed using the FE-HMM
code presented in [8] and the implementation of the mark and re-
fine steps are based in part on the AFEM@Matlab code (see [19]).

Remark 12. In most of the following experiments, as we refine the
mesh, we reach the point when Hy < é for some elements K € 7y,
i.e., the macroelement K is smaller than the sampling domain.
Refining beyond this point is not computationally efficient and one
should switch to the fine scale solver for the whole (macro)
triangle K. A precise study and analysis for such a modified
algorithm will be presented elsewhere. We notice here that in the
case of periodic coefficients taking a sampling domain larger than
some macroelements still makes sense and allows us to check the
efficiency and reliability of our estimates.

6.1. Uniform refinement test

We consider the quasi-1d problem taken from [39],
— V- (@x)Vu?) = -1 in Q:=(0,1)?
u*=0 onlp:={0}x(0,1)u{l}x(0,1),
a’(x)Vu® =0 on I'y:=0Q\ I'p,

where a®(x) =a(x,%) =2(1+x;)(1+cos? (2rn%)) -1, and L, is the
unit matrix. The exact homogenized solution is given by

u(x) = 33 <X1 - ‘°1g0(§}5”)~ We choose ¢=0=10">.

As no singularity appears in the domain, we uniformly refine
the macro triangles in every iteration step and compare the error
to the indicator ny(£2). Parallel to the macrorefinement, we refine
the micromesh according to Remark 5. The initial mesh for the
microFE spaces is chosen as h = 1.

We show in Fig. 2 that the error in the H! norm and the indica-
tor 7y(£2) both converge to zero with rate O(H) and thus match the

10° | —OoMH)
—e _nH(Q) indicator
1
S H -error (NMic const)
1 )
£ o'l d*_‘H —error (NNIic reflned)_
o
F
T A
£ ™~
g 10—2 e,
[0}
e
Tk
-3 Ss
10 S
107" 107
H

Fig. 2. Errors and error estimate in the H'-norm for the highly oscillatory problem
described in Section 6.1.
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Table 1
Grid size H, H'-error, error indicator, experimental order of convergence for the error,
and the indicator and the effectivity of the problem described in Section 6.1.

H I — g () EOC(e")  EOC(nw)  Eff:=1
272 344e-02 3.54e—01

23 131e-02 1.76e-01  1.40 1.00 13.51
274 633e-03 9.04e-02  1.04 0.97 14.29
25 3.11e-03 457e-02  1.03 0.98 14.71
276 1.54e-03 230e-02  1.01 0.99 14.93
277 7.65e-04 1.15e-02 101 1.00 15.15
2% 382e-04 577e-03  1.00 1.00 15.15

prediction obtained by the a priori and posteriori estimates,
respectively.

Finally, we indicate the effect of inappropriate macro-micro
coupling by plotting the errors obtained with the same adaptive
strategy, but computing the microsolutions on a micromesh of
fixed size i = L. It can be seen that the correct asymptotic conver-
gence rate is not achieved. Thus an appropriate simultaneous mesh
refinement is crucial.

In Table 1, we list various quantities (explained in detail at the
beginning of this section) illustrating the quality of the refinement
procedure.

The experimental order of convergence for both the error as
well as the indicator confirms the theoretical linear convergence.
The ratio Eff between them remains nearly constant, which con-
firms that our (here uniform) refinement is both effective and effi-
cient; it furthermore gives an estimate for the effectivity index, the
constant in the upper bound of Theorem 2.

6.2. Crack problem

In our next experiment we consider a crack problem based on
[33, Example 5.2] that exhibits a singularity in the macro domain.
But unlike Example 5.2 of [33], we use here a two-dimensional,
highly oscillating conductivity tensor. We consider the following
problem

-V (@x)Vu*) =1 in Q,
u*=g, onlp=0Q

on a domain Q= {|x{| + |x2] < TN{0 < x; <1, x, =0} with a crack
along the positive x-axis (see Fig. 3). We use the tensor

xy 64 . X1 9 X 9
a<g> =97 <sm (271?) +§) (cos (271;) +§) Iy,
where we chose the coefficients of the tensor in such a way that the
homogenized tensor coincides with the unit tensor I, (see [28,

0.6 :
0.4
0.2 S
024 8 ‘ :
e
X4
LI £ X5

-1/2
_O(NMac)

-9 -nH(Q) indicator

10 5“ ——H'-error (NMic const)

4= H'=error (N, ref)

Mic

o H' error uniform ref.

error in H'-norm

Macro DOF

Fig. 4. Errors and error estimate in the H'-norm for the crack problem described in
Section 6.2.

Chapter 1.2]). The Dirichlet boundary conditions g5 = u® match the
exact homogenized solution u® of the problem which is given (in
polar coordinates) by

0 1.9 1,
u(r,9) =r2 sing — 217,
where x; = rcos(9), x, = rsin(v¥). We emphasize that we use an ana-
lytically homogenizable tensor only to be able to compare our solu-
tion to the exact solution. Any other oscillating tensor could be used
(see Section 6.2.2 for an experiment using a random tensor).

A solution of the problem is shown in Fig. 3. We choose
g=06=10"> and periodic microboundary conditions. This time,
we use our adaptive strategy to refine the mesh and select a total
of 23 refinement steps (Dorfler’s bulk-chasing strategy is used for
marking, with a parameter of §=0.3, see [42, Chapter 4.1]). We
again use the relation flK = /H for our microrefinement strategy
(see Algorithm 1) with an initial mesh of hy = L

In Fig. 4 we show the errors in the H' norm. The rate of conver-
gence of the error and the error indicator confirms the theoretical
rate of O(N,;},ﬁd), where N, denotes the macro degrees of freedom.
We again plot the error obtained by using the same adaptive strat-
egy without refining the micromesh (fixed to h = 3. As expected,
the obtained asymptotic convergence rate is incorrect.

Finally, we provide a comparison with a uniformly refined FE-
HMM starting from the same initial mesh. Obviously, the order
of convergence is significantly lower than what can be obtained
using adaptive methods. In order to get an accuracy of e.g.,

05¢

= -0.5 0 0.5 1

Fig. 3. FE-HMM solution and mesh after 10 iterations for the crack problem described in Section 6.2.
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Table 2

Amount of microproblems with various h (due to refinement) to be solved for the
specific iteration in which we reach the accuracy |e”|,1,, <0.07 in the crack
problem described in Section 6.2.

h 1/8

Adaptive FE-HMM, 10th iteration 278 218 60
Uniform FE-HMM, 4th iteration - - -

@)

116 1/24 1/32  1/40 1/48

24 28 40
16,384 - -

Table 3

Total amount of microproblems with various h (due to refinement) to be solved to
achieve an accuracy of |||, < 0.07 in the crack problem described in Section 6.2
(here we take into account all the iterations needed to reach the prescribed accuracy).

h 1/8 1/16  1/24 1/32 1/40 1/48
Adaptive FE-HMM, total cost 436 360 108 48 48 40
Uniform FE-HMM, total cost 256 1024 4096 16,384 - -

[[u® — uH|| 1 o ~ 0.07 we need 16,384 macroelements in the fourth
iteration of the uniformly refined FE-HMM, whereas only 796 mac-
roelements are used in the 10th iteration of the adaptive FE-HMM.
In order to reach an accuracy of ©(1072), approximatively O(10%)
DOF would be needed for the uniform scheme.

For uniform refinement, microsolutions in the sampling domain
of every triangle of the macromesh have to be refined and recom-
puted at each step. In contrast, for the adaptive FE-HMM this needs
only to be done for the macrotriangles marked for refinement. In
Table 2 we list the number of microproblems with a mesh size
(complexity) of h that need to be solved in the specific iteration
when we reach an accuracy of [e"||;:, < 0.07 for the adaptive
and uniform refinement, respectively. Looking at the first line of
Table 2, we see that with an adaptive scheme, the sampling do-
mains of most of the macroelements need a micromesh with a rel-
ative coarse resolution. This is in sharp contrast with a uniformly
refined mesh, where all the sampling domains need to be solved
with the same (fine) resolution.

As mentioned in Section 4.1, in an efficient implementation, one
should store the contributions of the microproblems and the corre-
sponding multiscale flux in every iteration and re-use these results

Table 4
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for those elements which are not marked to be refined. In this way,
the computational cost per iteration can be dramatically reduced,
as only a fraction of the elements is refined at each iteration. For
the crack problem and the adaptive FE-HMM, we start with 256
microproblems with a micromesh size chosen as h =1 in the first
iteration. Four elements are refined into eight elements, which re-
quire the solution of eight new microproblems with a micromesh
size h =1 (h is rounded s.t. h =, n e N*). On the other hand,
the solutions of the 252 other microproblems will be re-used in
the next iteration. After the second iteration, those 8 elements
are yet again refined and we need to solve 16 new microproblems
with micromesh size h = . and re-use all of the 252 solutions of
the microproblems with micromesh size h= L. Summing over the
10 iterations, we only need to compute 436 different microprob-
lems of micromesh size it = L. In Table 3 we list the total amount
of different microproblems (with different micromesh) to be
solved. For the uniform refinement, every triangle is divided into
four new triangles, thus no information can be carried over from
one iteration to the other.

In Table 4 we list various quantities illustrating the quality of
the refinement procedure. It reveals that the error indicator con-
verges with the same rate as the error itself. This is confirmed by
the effectivity index which remains nearly constant over the itera-
tions, showing that our adaptive refinement strategy is both effec-
tive and efficient.

In Table 5 we show the error and the experimental order of con-
vergence when using a uniform refinement strategy. A comparison
between Tables 4 and 5 shows that a desired given accuracy of the
numerical solution can be obtained with a much lower computa-
tional cost using an adaptive method (compare e.g., the number
of elements needed to reach a certain accuracy).

6.2.1. Sampling domain size

We consider the crack problem in the situation when the size §
of the sampling domain is not an integer multiple of . This situa-
tion might even arise for periodic problems when the exact size of
the period is not known. We select Dirichlet boundary conditions
in the microproblems and so estimates (41) apply.

We choose the same initial mesh size h for four different sam-
pling domain sizes &; =%¢, 5, =3¢, 63 =L ¢ and 05 =¢ (ie, h

Iteration number, number of macroelements, H'-error, error indicator, experimental order of convergence for the error and the indicator, reduction factor and effectivity index for

the crack problem described in Section 6.2.

Iteration #el [0 — w1 ) NH(RQ) EOC(eM) EOC(ny) Ze Eff
1 256 1.92e-01 1.22e+00 6.33
2 260 1.73e-01 9.41e-01 13.696 33.123 0.899 5.43
3 268 1.52e-01 8.31e-01 8.715 8.255 0.876 5.49
4 284 1.24e-01 7.58e—01 6.844 3.167 0.820 6.10
5 298 1.16e-01 7.19e-01 2.960 2.170 0.931 6.21
6 329 1.02e-01 6.43e—01 2.584 2.255 0.880 6.33
7 370 9.09e—-02 5.90e-01 1.934 1.485 0.893 6.49
8 432 8.12e-02 5.23e-01 1.459 1.543 0.893 6.45
9 522 7.15e—-02 4.74e—01 1.340 1.036 0.881 6.62

10 648 6.41e—-02 4.23e-01 1.010 1.055 0.897 6.58

11 830 5.58e—-02 3.74e-01 1.125 1.005 0.870 6.71

12 1040 5.13e-02 3.36e-01 0.746 0.940 0.919 6.54

13 1326 4.50e—-02 3.00e-01 1.082 0.948 0.877 6.67

14 1670 4.05e—02 2.68e—01 0.896 0.964 0.902 6.62

15 2138 3.52e-02 2.36e-01 1.136 1.019 0.869 6.71

16 2738 3.08e—-02 2.08e—01 1.085 1.022 0.874 6.76

17 3614 2.69e—-02 1.82e-01 0.988 0.965 0.872 6.76

18 4782 2.34e-02 1.59e-01 0.989 0.970 0.871 6.80

19 6268 2.03e-02 1.39e-01 1.057 1.010 0.867 6.85

20 8310 1.78e-02 1.21e-01 0.940 0.961 0.876 6.80

21 10,948 1.55e-02 1.06e-01 1.009 0.998 0.870 6.85

22 14,534 1.32e-02 9.11e-02 1.114 1.036 0.854 6.90

23 19,360 1.14e-02 7.89e—-02 1.031 1.010 0.863 6.94
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Table 5

Iteration number, number of macroelements and experimental order of convergence
of the H' error for the crack problem described in Section 6.2 when using uniform
refinement instead of an adaptive strategy.

iteration 1 2 3 4

#el 256 1024 4096 16,384
[|u® — uf||,; @ 1.92e-01 1.36e-01 9.67e—02 6.85e—-02
EOC(e) 0.496 0.495 0.497

differs), where ¢ =10">. According to (41) one should take 6 x /&
(of course the value of § is unknown if ¢ is unknown. Furthermore,
taking & = /¢ can be computationally too expensive). We verify
here that increasing the sampling domain size does improve the
convergence rates. This is illustrated in Fig. 5.

6.2.2. Random tensor

Many problems of interest are not periodic. As mentioned ear-
lier our adaptive algorithm does not rely on periodic problems
(although the relation between micro- and macromesh does). To
illustrate the versatility of the method, we test the behavior of
the adaptive FE-HMM on the crack problem in Section 6.2 with a
random tensor. This tensor is a log-normal stochastic field gener-

T —oN?)
- ¢ -3=4/3¢ indicator
10° 213\ .. - * -5=4/3¢ error
e~ * 8=5/3¢ indicator
€ * &"g;-«_ -0 §=5/3¢ error
5 [RER
= R
‘_I Loy $~~$r
< °°o°";"‘°--0--o--o--4--o——o——-——-o—--o———o---a
5 10—1 AR RN TRREY SUTTY- SUTPIY- SOROIY - SRPIY - SUUOR-NEPPP SN q
)
1072 -
10°
Macro DOF
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ated by the moving ellipse average method (see [43, Section
4.1]). The numerically generated values of the tensor are given at
90007 discrete points and we use bilinear interpolation to obtain
a smooth representation of a®(x).

We set the correlation lengths of the stochastic field to
&, = 0.0045 and ¢,, = 0.0065 and choose the mean equal to be 1
and variance to be ¢ = 0.25. A snapshot of this tensor is shown in
Fig. 6.

As no analytical solution exists, we use the error e/ between a
finescale solution computed using a highly resolved standard adap-
tive FEM with 107 DOF, which acts as a reference solution, and the
FE-HMM solution. We denote by Pyul,, the L*>-projection of the
resolved FEM solution ufk,, onto the FE space VY (Q, Ty v ), Where
Ture-uvm denotes the mesh obtained in the adaptive algorithm for
the FE-HMM. We define the error as e := |[Puufhy — Uiy || -

We choose an initial micromesh size h =1 and sampling
domains of size §; =0.005, 5, =0.010, 63=0.020 and 54 =0.040
(we keep h fixed when increasing the sampling domain size). In
Fig. 7 we see that the indicator and the error follow the expected
(optimal) convergence rate. Furthermore, increasing the sampling
domain size reduces the modeling error and thus leads to a more
accurate solution.

R O(N—1/2)

- 6 -3=11/3¢ indicator
10° -+ -8=11/3¢ error

*  §=17/3¢ indicator

0 8=17/3¢ error

error in H'-norm

10°
Macro DOF

Fig. 5. Errors and error estimate in the H'-norm for the crack problem with & # ¢ described in Section 6.2.1.

-1 -0.5 0 0.5 1
(a) Snapshot of random conductivity ten-
sor.
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(b) Zoom into snapshot of random con-
ductivity tensor.

Fig. 6. Snapshot of the random conductivity tensor used in the crack problem described in Section 6.2.2.
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Fig. 7. Error and error estimates in the H'-norm for the crack problem with a random tensor described in Section 6.2.2 (for plotting reasons the indicator is scaled by a factor
of 0.1). For the H'-error a continuous line is used in the case H> ¢ and a dotted line is used when some K reach H < ¢, see Remark 13.
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Fig. 8. FE-HMM solution and refined grid after 10 iterations using tensor a$ of L-shape problem described in Section 6.3.

Remark 13. For H < ¢, there is less than a period of the fine scale
solution that is averaged (by the L*>-projection) on each macroel-
ement of the mesh Tyrpvm and as H— 0 the L?-projection

restores the behavior of the fine scale solution whose gradient has
a O(1) discrepancy with the solution obtained by the FE-HMM (see
Section 3.1.1 and recall, e.g., Remark 12).
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(a) L-shape problem using tensor aj (z)-
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(b) L-shape problem using tensor aj ()

Fig. 9. Errors and error estimate in the H'-norm for the L-shape problem described in Section 6.3. For the left plot we used tensor a, for the right-hand side we used as.

Table 6

Iteration number, number of macroelements, H'-error, error indicator, experimental order of convergence for the error and the indicator, reduction factor and effectivity of the

L-shape problem using tensor a§ described in Section 6.3.

Iteration #el 1 — U 1 ) NH(R2) EOC(e") EOC(1H) Ze Eff := Iy
1 96 1.43e-01 1.061 0.135

2 100 1.30e-01 0.880 4.886 9.145 0.905 6.80
3 110 1.10e-01 0.763 3.423 2.995 0.850 6.94
4 130 1.01e-01 0.682 1.064 1.343 0.915 6.76
5 164 8.72e—-02 0.604 1.235 1.048 0.866 6.94
6 206 8.85e—02 0.534 —-0.133 1.082 1.015 6.02
7 265 8.10e—-02 0.456 0.708 1.263 0915 5.62
8 335 8.15e—-02 0.408 —0.052 0.943 1.006 5.00
9 435 7.97e—-02 0.372 0.166 0.707 0.979 4.67
10 542 6.34e—02 0.329 2.090 1.128 0.795 5.18
11 670 4.13e-02 0.285 4.043 1.347 0.651 6.90
12 866 3.18e-02 0.246 2.036 1.143 0.770 7.75
13 1156 2.79e-02 0.211 0.907 1.064 0.877 7.58
14 1545 2.45e—-02 0.181 0.882 1.039 0.880 7.41
15 2123 2.19e-02 0.154 0.729 1.014 0.891 7.04
16 2787 2.05e-02 0.134 0.483 1.022 0.936 6.58
17 3876 1.73e-02 0.114 1.030 0.998 0.844 6.58
18 5238 1.25e-02 0.097 2.148 1.060 0.724 7.75
19 7312 1.05e-02 0.083 1.062 0.977 0.838 7.87
20 9934 9.30e-03 0.071 0.765 1.020 0.889 7.58
21 13,772 7.80e—03 0.060 1.074 0.998 0.839 7.69
22 19,010 6.70e—-03 0.051 0.996 1.008 0.852 7.63
23 26,430 5.50e—-03 0.043 1.129 1.011 0.830 7.81

6.3. L-shape problem

In our final example we consider a non-convex L-shape domain
with two different conductivity tensors. We consider the following
problem

-V (@x)Vu*) =1
u*=gp onlIp=0Q,

in Q

)

with Q= (-1,1)2\[0,1] x [ — 1,0] (see Fig. 8). As a first test, we con-
sider the tensor

a (%) = 93‘% <sin <2n%‘> +§> <cos (27[%) +§) Iy,

introduced in Section 6.2, where I, is the 2 x 2 unit matrix. The ten-
sor has coefficients chosen such that the homogenized tensor
matches the identity tensor. We will further investigate the same
tensor with different coefficients

ai(x) =

a(x) = a, ()—()

&
_ 400 . X1 21 X2 21
= m (sm (271;) +E> (cos (271;) + ﬁ) I,

The homogenized problem corresponding to this latter tensor again
leads to a problem with a homogenized tensor equal to I,. As the
tensor a5 has a coercivity bound closer to zero, one expects a larger
error than with the tensor a$ (recall that our a posteriori error esti-
mates depend on the bound (2)). For both a4 and d, an analytical
homogenized solution exists and is given by u®(r) = risin (2)
where x; = rcos(9) and x; = rsin(J). We take the value of this exact
solution for the Dirichlet boundary condition g, = u° (in the compu-
tation below we use Algorithm 1 with Dorfler’s bulk-chasing mark-
ing strategy with parameter 0 = 0.3).

In Fig. 9 we compare the error and the indicator 1y(€) in the H'
norm for the tensors aj and a5. We choose an initial meshsize of
ﬁ:% and 6 =¢=10"> with periodic boundary conditions in the
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Table 7

Amount of microproblems with various i (due to refinement) to be solved for the specific iteration in which we reach an accuracy €]l g < 0.025 in the L-shape problem

described in Section 6.3.

h 1/8 1/16 1/24 1/32 1/40 1/48 1/56 1/64 1/80
Adaptive FE-HMM, 13th iteration 0 862 246 64 72 30 18 24 24
Uniform FE-HMM, 5th iteration - - - - - 24,576 - - -

Table 8

Total amount of microproblems with various i (due to refinement) to be solved to reach an accuracy of llef [l () < 0.025 in the L-shape problem described in Section 6.3 (here we

take into account all the iterations needed to reach the prescribed accuracy).

Q 1/8 1/16 1/24 1/32 1/40 1/48 1/56 1/64 1/80
Adaptive FE-HMM, total cost 288 1556 388 112 96 48 36 36 24
Uniform FE-HMM, total cost 96 384 1536 6144 0 24,576 - - -

microproblems. For both problems we find that the corresponding
indicator converges with the same (optimal) rate of O(N, /%) as the
errors between the FE-HMM solution and the exact homogenized
solution, thus confirming numerically our theoretical estimates.
As noted earlier we verify again that the asymptotic convergence
rate is incorrect when using a constant micromesh size i = .. The
asymptotic limit of the macroscopic error in Fig. 9b (green? contin-
uous line with disks) reflects the error introduced through the
microproblems and illustrates that the error stagnates even though
we keep refining our macrogrid. A comparison between Fig. 9a and
b shows that with constant micromesh size the error is signifi-
cantly larger when using a§ as compared to a (the tensor dj is clo-
ser to being singular and thus needs a higher resolution of the
micromesh in order to avoid a singular stiffness matrix).

Various quantities illustrating the quality of the refinement pro-
cedure and confirming the correct experimental order of conver-
gence are reported in Table 6. In particular, we see that the
effectivity index is approximatively constant indicating that our
adaptive scheme is both effective and efficient. It is furthermore
robust with respect to the change of tensors in the problem. In Ta-
bles 7 and 8 we compare again the number of sampling domains
and the resolution of the mesh needed to solve the microproblems
with adaptive and non-adaptive strategies. The results illustrate
once more the importance of adaptive methods for multiscale
problems.

7. Conclusion

In this paper we have given an a posteriori error analysis for a
multiscale FE method, the FE-HMM, and derived explicit localized
error indicators for robust and reliable adaptive mesh refinement.
These are the first rigorous a posteriori results for the FE-HMM
derived in the energy norm of the physical variables. Our numeri-
cal results confirm that the adaptive strategy is both reliable and
efficient. Up to a data approximation term, upper and lower
bounds are obtained without specific structure assumptions (as
periodicity, random stationarity) on the oscillating tensor of the
elliptic problem. A (non-uniform) refinement of the macromesh
should be coupled to a refinement of the micromesh covering
the sampling domain. A strategy for such a micro refinement
has been proposed and justified in the case of non-uniform peri-
odic coefficients. The adaptive algorithm does not rely on a fixed
size of the sampling domain. Estimates of the error introduced by
artificial (Dirichlet) boundary conditions and domain size larger
than a typical length of the small scale have been derived for

2 For interpretation of color in Fig. 9, the reader is referred to the web version of
this article.

the case of non-uniformly periodic oscillating coefficients. The
framework that we used to derive our results allowed us to use
the strategy developed for single scale problem. Furthermore,
the derived a posteriori estimates are consistent with classical ex-
plicit residual-based a posteriori error estimators applied to the
homogenized problems in the case of periodic tensors and re-
solved microcalculations.

We did not address in this paper some important topics. We
mention the estimation of the error in quantities of interests which
might be needed for a specific design purpose [11, Chapter 8]. For
such estimates, it is known that the error measured in the energy
norm can be used to obtain error estimates for other quantities of
interests. We also mention that for macro-to-micro multiscale
methods as considered in this paper, it is desirable to change the
physical model in those regions of the computational domain
where the size of the macroelements becomes smaller than the cor-
responding sampling domain. Combining model adaptivity [38]
with the adaptive strategy proposed in this paper is of high interest.
Extensions of our adaptive algorithm to model adaptivity and
refinements related to quantities of interests are currently under
investigation and detailed discussion will be reported elsewhere.
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